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ABSTRACT 

 
 

Social media stages have been utilized for information and news gathering, and they are very 

profitable in numerous applications. However, they lead to the spreading of rumors and fake 

news. Numerous endeavors have been taken to detect and expose rumors on social media by 

analyzing their substance and social context using machine learning procedures. This paper 

gives a diagram of the later studies in the rumor location field. It gives a comprehensive list of 

datasets utilized for rumor detection, and audits the imperative studies based on what sorts of 

data they exploit and the approaches they take. And more critically, we moreover show several 

new headings for future research. 
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CHAPTER 1 

Introduction 

 

1.1 Introduction 

 

Bangladesh is a country of youth generation. These youth are trying to keep themselves 

connected by using social medias. They share all their feelings of cherish and despise, 

hostility and viciousness over these social media stages. These youths frequently 

discover themselves in a rough virtual space that has contrarily impacted their every 

day genuine life. We are attempting to get it youthful people’s states of mind and 

behavior over social media stages and endeavors to clarify the social media as an 

uncontrolled and savage stage for the young people.  

 

1.2 Motivation 

 

Emotions are the best way to express what a person is feeling at that particular time. 

Now a day’s people share their views, emotions on social networking sites such as, 

Facebook, twitter, instagram etc. Recently most of the people post status in Social 

media. Most of the time it becomes tough to understand the rumor reading those 

sentences. That’s why we have decided to detect rumor from text. We started to read 

research papers and found out that lots of work has been done with detecting rumor in 

English. Then we start searching papers related to detecting rumor. Very few works has 

been done. So, we thought that we will work rumor detection from text and link. We 

will detect rumor from sentences and link by using dataset. 

 

1.3 Rationale of the study 

 

 Detecting rumor from text and link is quite complex. As most of the rumor depend on 

the word expression. That’s  why we have decided  to  detect  only two things from a 

text First of all it will check the text and get decision real or fake  and the another is it 

will go to the link and check  the result.
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1.4 Research question 

 

Research Question 1: Does every news have a distinct rumor such as real or fake? 

Research Question 2: If a news has rumor, does it contain any proper reference text or 

link which will prove it is rumor? 

 

1.5 Expected output 

 

 We have chosen to detect rumor from text or link, a very few works has been done till 

now detecting but text and link at a same project has not done yet. Our expected output 

is at first it will find out whether the news is fake or real. And then after the analysis it 

will detect the rumor of the news either true or false. 

 

1.6 Report layout 

 

The paper is organized into five sections. Following this introduction, Chapter 2 

provides brief background details of Rumor detection field from an information systems 

perspective, a survey on text analysis those have been published in different information 

system journals, moreover the scope of the issue and its challenges. Chapter 3 provides 

a details description about our research techniques including data collecting procedure, 

statistical analysis. Chapter 4 presents the experimental result of applied methodology, 

brief description of the analysis. And finally Chapter 5 describes the summary of the 

empirical research, important limitations of the approach, implication for Further Study.
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CHAPTER 2 

BACKGROUND 

 

2.1 Introduction 

      

Do you accept all the news you tune in from social media? All news are not honest to 

goodness, right? So how will you recognize the fake news? We'll be utilizing 

Multinomial Credulous Bayes strategy to classify the news article rejected from the 

news article connect and content, as fake or genuine.  

 

In our research, we have mainly worked on how we can compute rumor and thus sort 

out the rumor from a given text which has been collected from social media such as 

Facebook status and also from newspaper, noble, online news portal etc 

 

Detecting rumor as well as emotion from a Text is a very tough and complicated task 

to carry out. In this research, we have tried to identify the positivity, negativity or 

neutral expression on a given text or link with respect to some trained data. We have 

used a trained data set to sort out the possibility of a given query in a text and extract 

an unparalleled feature to give an output whether the text or link is real or fake. 

 

2.2 Related works 

 

Many works have done yet. We want to do something new. In this work we want to add 

not only text detect but also detect the original news link. There are so many works has 

done but they have not done it by using multiple function like link and text at a same 

time in the same project. 

 

 

Name of the 

paper 

 

Writers Publishing 

year 

Main theme 

Analysis of 

Techniques for 

 

Ajeet Ram Pathaka 

 

 

There's an expanded 

inquire about slant 
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Rumor Detection 

in Social Media 

 

 

, Aditee Mahajana 

 

, Keshav Singha 

& others 

 

 

 

2020 

towards discovery 

of rumors due to 

overpowering utilize 

of social media 

Platform for 

dispersal of data and 

news. Considerable 

thinks about have 

centered on 

recognizing the 

source of The 

rumors and 

recognizing the 

rumors.  

A Tweet level 

propagation 

context based 

deep neural 

networks for 

 

early rumor 

detection in 

Social Media 

Jie Gao, Sooji Han, 

Xingyi Song, Fabio 

Ciravegna 

 

 

 

 

 

2020 

In this paper, we 

addressed the task 

of message-level 

ERD 

in early 

development stages 

of social media 

rumors where 

 

limited information 

is available. 

Rumor Detection 

on Social Media 

with 

Bi-Directional 

Graph 

Convolutional 

Networks 

Tian Bian, Xi Xiao, 

Tingyang Xu,Peilin 

Zhao, Wenbing 

Huang, Yu 

Rong,Junzhou 

Huang 

 

 

 

2019 

Early detection aims 

to detect rumor at 

the early stage of 

Propagation. Which 

is another important 

metric to evaluate 

the quality of the 

method. 

Leveraging the 

Implicit 

Structure within 

Social Media for 

 

Emergent Rumor 

Detection 

Justin Sampson, 

Fred Morstatter, 

Liang Wu, Huan 

Liu 

 

 

 

 

 

 

 

 

2016 

In this paper, we 

analyzed how the 

verifiable structure 

within social media 

discussions can be 

utilized to al- low 

for the location of 

emanant rumors. 

We discover that 

implicit linkage can 

altogether move 

forward the capacity 

to clas- sify rumors 

inside their 

developmental 

stages by leveraging 

in- formation inside 

related 

conversations. 
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Automatic 

Rumor Detection 

on Microblogs: 

A 

 

Survey 

Juan Cao, Junbo 

Guo, Xirong Li & 

others 

2018 It works for 

decreasing the 

rumor on social 

media. 

It works on manual 

efforts, either by 

human experts or by 

 

common user, to 

combat the ever-

increasing rumors. 

Rumor Detection 

Using Machine 

Learning 

Techniques on 

Social Media 

Akshi Kumar and 

Saurabh Raj 

Sangwan  

2018 This paper 

displayed the 

essential concepts of 

rumor discovery. As 

much as social 

media has ended up 

an priceless source 

for sharing real-time 

and significant 

information, it is 

additionally a 

breeding stage for 

rumors. 

Automatic 

Detection 

of Rumor on 

Social Network 

Qiao Zhang1,2, 

Shuiyuan Zhang1,2, 

Jian Dong3, 

Jinhua Xiong2(B) 

 

, and Xueqi Cheng2 

2015 In this paper we 

center on 

recognizing rumor 

on social organize. 

To distinguish 

rumors from 

ordinary messages, 

we propose a rumor 

location strategy 

based on implicit 

highlights of 

substance and users. 

Multiple Time-

Series Data 

Analysis for 

Rumor 

 

Detection on 

Social Media 

Lijun Qian, 

Chandra Mouli 

Madhav Kotteti 

 

2018 It works on social 

media for existing 

rumor or fake news 

detection 
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2.3 Research Summary 
 

Research is an organized way to find solutions of existing problems or problems that 

nobody has worked on before. It can be used for solving a new problem or it can be the 

expansion of past work on any particular field. Our Research is on detecting rumor from 

text & link that is associated with Machine Learning (Flask Web App) is challenging 

the human being to exceed human beings performance. There’s been lots of work that 

has already done to detect rumor. We have studied lots of paper related to detecting 

rumor from text & link. They used different methods and among them we have chosen 

machine learning based method for rumor detection. For that reason we have developed 

a strong corpus that will match the words and news link according to its origin. At first 

we have decided to analyze rumor from a sentence then we will find the fake or real 

news according to that Dataset. We will divide the news whether it is fake or real. If 

it’s true we will categorized the news then according to its dataset that has been 

allocated for positive and not rumor. If the sentence is false then it will be categorized 

rumor according to its allocated link 
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2.4 Scope of the Problem 

 

Feeling affirmation from substance is incipiently an acknowledgement based 

classification which dilate the concept from Common dialect preparing counting 

Machine Learning as well. Rumor examination is a curious field of consider. These 

days, it has been including values to the industry as since rumor investigation bases its 

comes about on figure that are so inalienably compassionate, it is bound to ended up 

one of the basic drivers of numerous commerce choices in future. Moved forward 

precision and consistency in content mining methods can makes a difference to 

overcome the current issues. Now a days as the following wave of information 

revelation, content examination is accomplishing high commercial values. In this 

investigate we are going analyze content from social media news for finding related 

opinion of each sentence like fake or real. After recognizing the estimation of every 

sentence we'll at that point attempt to discover unmistakable feeling of each sentence 

like rumor or not. 

 

2.5 Challenges 

 
 

The huge dataset and same word having different meaning are another challenge. As 

we are working with generated expressions from text & link, so it is possible to have 

huge number of expressions. And same expression with different meaning is also 

happen. As a result it can’t be properly identify the rumor. For this sometimes it will be 

challenging to detect rumor.
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CHAPTER 3 

RESEARCH METHODOLOGY 

 

3.1 Introduction   

 
 

Fake news discovery may be a basic however challenging issue in Machine Learning. 

The quick rise of social organizing stages has not as it were yielded a tremendous 

increment in data openness but has moreover quickened the spread of fake news. 

 

In this way, the impact of fake news has been developing, now and then amplifying to 

the offline world and undermining open security. Given the enormous sum of Web 

substance, programmed fake news discovery may be a down to earth machine learning 

issue valuable to all online substance suppliers, in arrange to diminish the human time 

and exertion to distinguish and avoid the spread of fake news. In this paper, we portray 

the challenges included in fake news discovery conjointly portray related errands. 

 

We systematically overview and compare the task subtle elements, datasets courses of 

action that have been made for this task, also conversation almost the conceivable 

outcomes and limitations of them. Based on our bits of knowledge, we chart promising 

ask approximately heading, checking more fine-grained, point by point, sensible, and 

commonsense disclosure models. We moreover highlight the differentiate between fake 

news area and other related errands, and the importance of machine learning courses of 

action for fake news location. 

 

3.2 Research Subject 

 

The main goal of this research is to detect rumor from a text and link. In order to come 

up with an emotion associated with it by using a technique. 

In case of finding the rumor of a news analysis can make it very specific. A news with 
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no fake news it may not have any detection. Our research subject is to find the rumor 

of a text or link to see how people generally express the rumor while writing. 

 

3.3 Data collection procedure 

 
In order to come up with precise and objective results, effective research depended 

heavily on both primary and secondary data. 

 

Primary data is unprocessed information that is primarily used for the original purpose 

and is obtained through interviews and surveys. Secondary data, on the other hand, is 

gathered for purposes other than those for which it was originally obtained. 

 

Online news can be obtained from a variety of sources, including social media sites, 

search engines, news agency homepages, and fact-checking websites. These datasets 

have been widely utilized to determine the validity of news in a variety of research 

studies. The sources of the dataset used in this study are mentioned briefly in the 

following sections. 

 

The study was conducted with the use of secondary data. We'll call the dataset we'll use 

for this Python project news.csv. The shape of this dataset is 77964. The first column 

identifies the news, the second and third columns contain the title and text, and the 

fourth column identifies the author. 
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Figure 3.1 shows the collection of our raw data which we have collected from different 

sites like Facebook, newspaper, website etc. 

 

 

 

      

 

 

Figure 3.1 Raw Data 
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3.4 : Methodology and Data Analysis 
 

 
The system is developed in three stages, as explained in this paper. The first section is 

static and relies on a machine learning classifier to function. We investigated and 

trained dataset before settling on the optimal one for final precaution. After that the 

portion is  the news text and link searches the internet for the likelihood of the news 

being true. The third and final section verifies that the URL entered by the user is valid. 

 

 

Python and the dataset were utilized in this paper. Python comes with a big number of 

libraries and extensions that may be utilized in Machine Learning with ease. Closely all 

forms of machine learning algorithms are available for Python allowing for easy and 

speedy assessment of Machine Learning (Flask Web App) methods.  

 

 

 

 

System Design 

 

 

 

   

Figure 3.4.1: System Design of text detect 
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Figure 3.4.2: System Design of link detect 

 

 

 

3.4.1 STATIC SEARCH FOR RUMOR DETECTION 

 
 

The static element of the false news detection system's design is pretty straightforward, 

and it's built around the simple machine learning process. This system is designed by 

self-descriptive. 

   

 

 

3.4.2 DYNAMIC SEARCH FOR RUMOR DETECTION 

 
 

The site's second search form requests particular words to be searched on the internet, 

and it returns an appropriate % surety of that term being included in a paper or a 

comparable piece with those word references. 

 

Searching for URLs 

 

The site's third look field acknowledges a particular site space title, and the usage looks 

our genuine destinations or boycotted locales databases for the location. The true sites 

database contains domain names that deliver accurate and reliable news on a regular 
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basis. If the site isn't in either database, the execution isn't going to work. 

 

The news aggregator does not exist, according to the domain classification. 

 

 

 

 

3.4.3 PRE-PROCESSING DATA 

 

Social media data is significantly unstructured bigger portion of them are casual 

communication with sorts, slangs and bad-grammar etc. Travel for extended execution 

and unflinching quality has made it essential to make strategies for utilization of 

resources to make taught choices. To achieve more better encounters, it is crucial to 

clean the data a few time as of late it can be utilized for prescient illustrating. For this 

reason, fundamental pre- planning was done on the News planning data. This step was 

comprised of- Information Cleaning: Whereas scrutinizing data, we get information 

inside the organized or unstructured orchestrate. A organized organize highlights a 

well- characterized plan whereas unstructured data has no appropriate structure. In 

between the 2 structures, we have a semi-structured organize which can be a 

comparably more better organized than unstructured organize. 

Cleaning up the substance data is imperative to highlight qualities that were pointing to 

require our machine learning system to select up on. Cleaning (or pre- dealing with) the 

data customarily comprises of a number of steps: 

1. Remove punctuation 

Accentuation may give linguistic setting to a text which underpins our understanding. 

But for our vectorizer which tallies the number of words and not the setting, it does not 

include esteem, so we evacuate all extraordinary characters. eg: what are you doing? -

> What are you doing 
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2. Tokenization 

Tokenizing isolates content into units such as sentences or words. It gives structure to 

already unstructured content. eg: Plata o Plomo -> Plata,o,Plomo. 

3. Remove stopwords  

Stopwords are common words that will likely show up in any content. They don’t tell 

us much around our information so we evacuate them. eg: silver or lead is fine for me 

-> silver, lead, fine. 

4. Stemming 

It makes a difference decrease a word to its stem frame. It regularly makes sense to treat 

related words within the same way. It evacuates suffices, like ing, ly, s, etc. by a 

straightforward rule-based approach. It decreases the corpus of words but frequently 

the real words get ignored. eg: Entitling, Entitled -> Entitle.  

Note: A few look motors treat words with the same stem as equivalent words 

 

 

3.4.4 ALGORITHMS USED FOR CLASSIFICATION 

 

This area bargains with preparing the classifier. Distinctive classifiers were explored to 

anticipate the lesson of the content. We investigated particularly four diverse machine- 

learning calculations Multinomial NaÃ¯ve Bayes Detached Forceful Classifier and 

Calculated regression. The usage of these classifiers were done utilizing Python library 

Sci-Kit Learn.  

Brief presentation to the algorithms- 
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1. NaÃ¯ve Bayes Classifier: 

This method is based on Bayes hypothesis, which accept that the nearness of a specific 

highlight in a course is free of the nearness of any other include. It gives way for 

calculating the back probability. 

 Importance of a term within the report and whole corpus. 

TF stands for Term Recurrence: It calculates how habitually a term shows up in a 

archive. Since, each report measure changes, a term may show up more in a long 

measured record that a brief one. In this way, the length of the archive frequently 

separates Term frequency. 

2. Random Forest: 

It could be a trademark term for a gathering of choice trees. In Arbitrary Timberland, 

weve collection of choice trees (so known as Woodland). To classify a modern protest 

based on qualities, each tree gives a classification that means it define the class. The 

woodland chooses the classification having the foremost votes (over all the trees within 

the timberland). The arbitrary timberland may be a classification calculation comprising 

of numerous choices trees. It employments sacking and include arbitrariness when 

building each person tree to undertake to make an uncorrelated woodland of trees whose 

forecast by committee is more accurate than that of any person tree. Irregular woodland, 

like its title implies, consists of a huge number of person choice trees that work as an 

outfit. Each person tree within the irregular woodland spits out a course expectation and 

the course with the foremost votes gets to be our models expectation.  

The reason that the irregular woodland show works so well may: Be a expansive 

number of moderately uncorrelated models (trees) working as a committee will beat 

any of the person constituent models. 

3. Logistic Regression: 

    It may be a classification not a relapse calculation. It is utilized to assess discrete 

values (Parallel values like 0/1, yes/no, real/fake) based on given set of free 

variable(s). In straightforward words, it predicts the likelihood of event of an occasion 

by fitting data to a calculated work. Thus, it is additionally known as calculated 



©Daffodil International University 

16  

relapse. Mathematically, the log chances of the result are demonstrated as a straight 

combination of the indicator factors. 

4. Passive Aggressive Classifier: 

The Passive Aggressive Algorithm is used for online algorithm; perfect for classifying 

gigantic streams of information (e.g. twitter). It is simple to execute and exceptionally 

quick. For an example, learning from it and after that tossing it absent. Such a 

calculation remains passive for a rectify classification result, and turns forceful within 

the occasion of a miscount, updating and altering. Not at all like most other calculations, 

it does not focalize. Its purpose is to form upgrades that rectify the misfortune, causing 

exceptionally small alter within the standard of the weight vector.
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3.5 IMPLEMENTATION STEPS 

 

Step 1: In to begin with step, we have extricated highlights from the as of now pre-

processed dataset 

Step 2: Here, we have built all the classifiers for foreseeing the fake news discovery. 

The extricated highlights are encouraged into diverse classifiers. From this project we 

have used Naive-bayes, Logistic Regression, and Random forest classifiers from 

sklearn. Each of the extricated highlights was utilized in all of the classifiers. 

Step 3: After that we have compared & checked the confusion matrix. 

Step 4: After testing all the classifiers, 2 best performing models were chosen as 

candidate models for fake news classification. 

Step 5: We have performed parameter tuning by executing GridSearchCV strategies on 

these candidate models and chosen best performing parameters for these classifier. 

Step 6: At last our final model was selected for fake news detection with the probability 

of truth. 

Step 7: Our final selection the best performing classifier was Logistic Regression which 

was then saved on disk. It will be used to classify the fake news. 

It takes a news article as input from client at that point show is utilized for last 

classification yield that's shown to user at the side likelihood of truth.
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CHAPTER 4  

EXPERIMENTAL RESULTS AND DISCUSSION 

 
 

 

4.1 Introduction    

 
In afterward times fake news area has finished up one of the prevalent subjects among 

the examiners all through the world. Diverse considers nitty gritty fake news revelation 

strategies. Fake news not because it were remains a word like a few time as of late it 

gets to be one of the greatest evenhanded perils these days. Anyone or any source can 

be the medium of fake news maker. It may be out of individual thought process or envy, 

to require correct revenge, it can be for political reasons, to harmed commerce 

competitors or to advance things or to accomplish reputation. Fake news imitates faster 

than veritable news. Where truth once in a whereas diffused among thousands of 

people, the fake news diffused between 1000-100,000 individuals interior a number of 

time. Development of the utilize of the internet and the utilize of social media increases 

the advancement of off-base news. The effect of fake news into the American society 

is preventing. Concurring to a report as it were 41% of grown-ups accept the 

neighborhood news as to be genuine and as it were 27% of the grown-ups believe the 

national news as being true. In 2016 the US decision spread purposefulness fake news 

did a significant harm. The commercialization and globalization of fake news could be 

a genuine issue now. Internet and social media is supposed to assist individuals to put 

through and understand, however it has presently too ended up a way of making chaos. 

Fake news is most predominant within the Facebook moreover found in YouTube, 

Twitter, blogs and surveyors. 

 

4.1 Experimental Results 

 

 
The sentences that we collected from different sources for analysis purpose have been 

stored as four kind of lexicon in our corpus. Recalling research question part, we have 

started our research with four questions.  For getting the answers of our research 

questions that we applied to find rumor associated with text or link. After analyzing a 
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sentence, systems work is to say whether the input sentence contain any rumor it shows 

detected. Recalling research question part, we have started our research with four 

questions getting the answers of our research questions that we applied a back tracking 

technique to find rumor associated with sentence or link. After analyzing a sentence, 

systems work is to say whether the input sentence contain any fake news called rumor 

or not. We have performed three test with three different data set of data. Test results 

after performing the link tests has been posturized in the Figure 

 

 

.

 

Fig4.2.1: Pic-chart for link accuracy 

 From the test we got 75.9% accuracy for detecting rumor from a link. 

4.3 Comparison 

4.3.1 Accuracy Table of rumor detection from text  

Total link Right Prediction Wrong Prediction Error Prediction 

210 173 19 18 
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True Positive True Negative False Positive False Negative 

95 37 55 5 

  

Fig: Accuracy Table of rumor detection from text 

 

Recall precession & F-measurement are used for evaluating the performance of our 

algorithm which are defined as follows: 

 

Precision = TruePositives / (TruePositives + FalsePositives) … … … (1) 

 

Recall = TruePositives / (TruePositives + FalseNegatives) … … … (2) 

 

F-Measure = (2 * Precision * Recall) / (Precision + Recall) … … … (3) 

Accuracy
 

                

By using this formula we get the accuracy of the text from rumor detector is 71.8% 

 

Fig for text accuracy 
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4.3.2 Accuracy Table of rumor detection from link 

Total link Right Prediction Wrong Prediction Error Prediction 

210 173 19 23 

 

 

True Positive True Negative False Positive False Negative 

87 34 59 7 

Fig: Accuracy Table of rumor detection from link 

 

Again from the same process Recall precession & F-measurement are used for 

evaluating the performance of our algorithm which are defined as follows: 

 

Precision = TruePositives / (TruePositives + FalsePositives) … … … (1) 

 

Recall = TruePositives / (TruePositives + FalseNegatives) … … … (2) 

 

F-Measure = (2 * Precision * Recall) / (Precision + Recall) … … … (3) 

Accuracy
 

                

By using this formula we get the accuracy of the text from rumor detector is 75.9% 
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Fig for link accuracy 

 

We are inspired to increase our accuracy from others and we show the comparison is 

clear that our accuracy is more than others. 

 

4.2 Summary 

 
This chapter shows the clear result of our four research questions. After experimenting 

we have found that, a text or link may have rumor, or it may be neutral. If a text or link 

has rumor then we can find the rumor (either fake or real) associated with it. If a 

sentence has no rumor it doesn’t show any null. We will do it in future and after the 

experimental result we have come up with the answer of our fourth research question 

with 77.16% accuracy. Therefore the entire accuracy refers that it will contribute a big 

for our social life
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CHAPTER 5 

 CONCLUSION 

 
5.1 Summary of the Study 

 

In this research we tried to detect rumor from text using rumor detection. Classifying 

the expressions into either true or false using rumor detection to detect rumor that was 

our main goal. It’s a lexicon based approach where real and fake word is stored in 

database as a unique hash value. For each text & link an expression will be generated 

whether it’s true or false. Then rumor will be detected. Our trained data and our test 

data both showed our expected results. After this experimental result finally we have 

come up with a decision that the text or link is fake or real. 

 

5.2 Impact on society 

 
All the social media users  in Bangladesh are not concern about rumor. They believe 

any news without justifing anything.  As a result their movement or action will not 

right.  By following this trends social violence is increasing day by day. As a result our 

project will able to detect the news which is real or fake. For this it has a huge number 

of social values to protect violance. This project can make awareness of social people. 

It can Make a great impact on social media and in our day to day life. 

 

 

5.3 Conclusion 

 
Detecting rumor from a text or link was not that easy as people disagrees on identifying 

exact rumor of same sentence. Our text & linked based trained data helps us to detect 

exact rumor that majority people think about. Among different approaches we have 

used dataset to extract semantic information from a text or link for giving exact rumor. 

We obtained 77.16% accuracy. 
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5.4 Recommendation 

 
As at present, our corpus doesn’t have sufficient lexicons and links. So generating right 

expression from given input text &link will be failed if it does not contain specific 

lexicons. So before going for test add necessary key words to the database. While giving 

input keep focus on the spelling of the words and text. In case of spelling mistake, 

program will fail to generate right expressions. So user may get wrong answer. 

 

5.5 Implications for Further Research 

 

Now days, the demand for data mining analyst is highly appreciated. This is due to 

presence of abundant amount of data in our surroundings. To be more precise, it is the 

right time to work with these sorts of complex data, so that a new pattern can be 

introduced to resolve different critical problems. Rumor analysis is one of the 

fundamental branches of data mining. The experimental study which we have carried 

out on rumor detection with a satisfactory outcome is leaving a strong footprint behind 

our work. It has been observed that works on rumor analysis in English have lots of 

valuable impacts in everyday life. Research can be done on how our project can be 

utilized to build something for disables those who are especially blind. 

 

5.6 Future Work 

 
 We will enrich our dataset with more words and links 

 We have done our preliminary experiment on very small amount of data. We will work 

with large amount of data so that the result will be more accurate. 

 We have work on just two emotions either true or false. In future we will work on three 

basic words like; fake, real & null . 

 We want to integrate our system with text to speech converter in order to build 

something helpful for blind people.
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